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1. Data Mining

2. Knowledge-Based System

3. Knowledge-Acquisition

4. Information Retrieval

5. High-Performance Computing
6. Data Visualization

7. Descriptive

8. Predictive

9. Web Mining

10. Text Mining
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1. Prediction

2. Classification

3. Decision Tree

4. Bayesian Method

5. Neural Network

6. Support Vector Machine (SVM)
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1. Regression

2. Time Series

3. Association Rule

4. Undirected

5. Market Basket Data
6. Clustering

7. Visualization
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1. Sequential Pattern Mining
2. Ozkan

3. Precrime

4. Postcrime

5. Karlis

6. Moon
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1. Chung

2. Fussy Som (FSOM)
3. Liu

4. Corapcioglu

5. Demographic

6. Izmit
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1. Khan

2. Sunderland

3. Oatley

4. Deadman

5. Geographical Information Systems
6. Ackerman

7. Cutts
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1. Karlis

2. Adderley

3. Murtagh

4. Liu

5. Corapcioglu
6. D'Alessio

7. Freilich

8. Xue

9. Hadjidj
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